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Abstract

Advances in computing and communication over wired and wireless networks have
resulted in many pervasive distributed computing environments. Many of these envi-
ronments deal with different distributed sources of voluminous data, multiple compute
nodes, and distributed user community. Analyzing and monitoring these distributed
data sources require a data mining technology designed for distributed applications.
The field of distributed data mining (DDM) deals with this problem—mining dis-
tributed data by paying careful attention to the distributed resources. The goal of
this paper is to maintain and distribute a bibliography of DDM-related publications.
We hope that DDM researchers and practitioners find this service useful. We welcome
every help from the community in maintaining the bibliography.

∗The authors acknowledge supports from the NASA (NRA) NAS2-37143 and the United States National
Science Foundation CAREER award IIS-0093353.
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[141] V. Ćurčin, M. Ghanem, Y. Guo, M. Köhler, A. Rowe, J. Syed, and P. Wendel. Discov-
ery Net: Towards a Grid of Knowledge Discovery. In Proceedings of the Eighth ACM
SIGKDD International Conference on Knowledge Discovery and Data Mining, pages
658–663, Edmonton, Canada, 2002. ACM Press.

[142] Y. Wang and J. Vassileva. Trust-based community formation in peer-to-peer file
sharing networks. In Proceedings IEEE International Conference on Web Intelligence
(WI’04), pages 341–338, Beijing, China, October 2004.

[143] G. Weiß. A Multiagent Perspective of Parallel and Distributed Machine Learning.
In K. P. Sycara and M. Wooldridge, editors, Proceedings of the 2nd International
Conference on Autonomous Agents (Agents’98), pages 226–230, New York, NY, 1998.
ACM Press.

[144] P. Wendel and Y.-K. Guo. The Design of a Platform for Distributed KDD Components.
In 5th International Workshop on High Performance Data Mining: Resource and Loca-
tion Aware Mining (HPDM:RLM’02). In conjunction with Second International SIAM
Conference on Data Mining, Arlington, VA, April 2002.

[145] R. Wirth, M. Borth, and J. Hipp. When Distribution is Part of the Semantics: A New
Problem Class for Distributed Knowledge Discovery. In Proceedings of PKDD-2001
Workshop on Ubiquitous Data Mining for Mobile and Distributed Environments, pages
56–64, Freiburg, Germany, September 2001.

[146] R. Wolff, K. Bhaduri, and H. Kargupta. Local L2 Thresholding Based Data Mining
in Peer-to-Peer Systems. In Proceedings of 2006 SIAM Conference on Data Mining,
Bethesda, MD, April 2006.

[147] Qishi Wu, Nageswara S. V. Rao, Jacob Barhen, S. Sitharama Iyengar, Vijay K. Vaish-
navi, Hairong Qi, and Krishnendu Chakrabarty. On Computing Mobile Agent Routes
for Data Fusion in Distributed Sensor Networks. IEEE Transactions on Knowledge
and Data Engineering, 16:740–753, June 2004.

[148] Lin Xiao, Stephen Boyd, and Sanjay Lall. A space-time diffusion scheme for peer-to-
peer least-squares estimation. In Proceedings of the Fifth International Symposium on
Information Processing in Sensor Networks (IPSN 2006), Nashville, TN, April 2006.

[149] L. Xiong, S. Chitti, and L. Liu. Top-k Queries across Multiple Private Databases.
In Proceedings of the 25th IEEE International Conference on Distributed Computing
Systems (ICDCS’05), pages 145–154. IEEE Computer Society, 2005.

[150] J. Yang, V. Honavar, L. Miller, and J. Wong. Intelligent Mobile Agents for Information
Retrieval and Knowledge Discovery from Distributed Data and Knowledge Sources. In
IEEE Information Technology Conference, Syracuse, NY, 1998.

[151] X. Yang, H. Lim, T. Ozsu, and K. Tan. In-Network Execution of Monitoring Queries in
Sensor Networks. In Proceedings of the 2007 ACM SIGMOD International Conference
on Management of Data and Principles of Database Systems, pages 521–532, New
York, NY, 2007.

13



[152] Liangzhong Yin and Guohong Cao. Dup: Dynamic-tree based update propagation
in peer-to-peer networks. In The 21st International Conference on Data Engineering
(ICDE 2005), Tokyo, Japan, April 2005.

[153] M. Zaki. Parallel Sequence Mining on Shared-Memory Machines. Journal of Parallel
and Distributed Computing, 61(3):401–426, 2001.

[154] D. Zeinalipour-Yazti, Z. Vagena, D. Gunopulos, V. Kalogeraki, V. Tsotras, M. Vlachos,
N. Koudas, and D. Srivastava. The Threshold Join Algorithm for Top-k Queries in
Distributed Sensor Networks. In Proceedings of the 2nd International Workshop on
Data Management for Sensor Networks, pages 61–66, Trondheim, Norway, 2005. ACM
Press.

[155] Y. Zhang, G. Owen, S. Prasad, R. Sunderraman, and G. Vachtsevano. Intelligent
Internet2 Agents for Distributed Data Mining. In The Internet2 Network Research
Workshop, June 2000.

[156] J. Zhao, R. Govindan, and D. Estrin. Computing aggregates for monitoring wireless
sensor networks. In Proceedings of the First IEEE International Workshop on Sensor
Network Protocols and Applications, pages 139–148, May 2003.

[157] M. Zhong, K. Shen, and J. Seiferas. Non-uniform random membership management in
peer-to-peer networks. In In Proceedings of the IEEE INFOCOM, Miami, FL, March
2005.

[158] A. Zhou, W. Qian, S. Zhou, B. Ling, L. Xu, N. W. Siong, O. B. Chin, and T. Kian-Lee.
Data management in peer-to-peer environment: a perspective of BestPeer. Journal of
Computer Science and Technology, 18(4):452–461, 2003.

[159] D. Zhou, S. Orshanskiy, H. Zha, and C. Giles. Co-Ranking Authors and Documents
in a Heterogeneous Network. In Proceedings of the IEEE International Conference on
Data Mining (ICDM ’07), pages 739–744, Omaha, NE, 2007.

[160] Zhuang, Y. Chen, L. Wang, X. S. Lian, and Jie. A Weighted Moving Average-based
Approach for Cleaning Sensor Data. In Proceedings of the 27th International Con-
ference on Distributed Computing Systems (ICDCS ’07), page 38, Toronto, canada,
2007.

14



Privacy Preserving Distributed Data Mining Bibliogra-

phy

References

[1] J. Al-Muhtadi, R. Campbell, A. Kapadia, M. D. Mickunas, and S. Yi. Routing through
the mist: Privacy preserving communication in ubiquitous computing environments. In
Proceedings of ICDCS’02, pages 74–83, Vienna, Austria, June July.

[2] M. J. Atallah and W. Du. Secure Multi-Party Computational Geometry. In Proceedings
of 7th International Workshop on Algorithms and Data Structures (WADS 2001), vol-
ume 2125 of Lecture Notes in Computer Science, pages 165–179, Providence, RI, August
2001. Springer Verlag.

[3] Roberto J. Bayardo and Rakesh Agrawal. Data privacy through optimal k-
anonymization. In The 21st International Conference on Data Engineering (ICDE
2005), Tokyo, Japan, April 2005.

[4] Elisa Bertino, Beng Chin Ooi, Yanjiang Yang, and Robert H. Deng. Privacy and own-
ership preserving of outsourced medical data. In The 21st International Conference on
Data Engineering (ICDE 2005), Tokyo, Japan, April 2005.

[5] C. Clifton, M. Kantarcioglu, J. Vaidya, X. Lin, , and M. Zhu. Tools for Privacy Pre-
serving Distributed Data Mining. ACM SIGKDD Explorations, 4(2), December 2002.

[6] W. Du and M. J. Atallah. Privacy-Preserving Cooperative Scientific Computations.
In 14th IEEE Computer Security Foundations Workshop, pages 273–282, Nova Scotia,
Canada, June 2001.

[7] W. Du and M. J. Atallah. Secure Multi-Party Computation Problems and Their Appli-
cations: A Review and Open Problems. In New Security Paradigms Workshop, pages
11–20, Cloudcroft, NM, September 2001.

[8] W. Du and Z. Zhan. Building Decision Tree Classifier on Private Data. In Workshop
on Privacy, Security, and Data Mining at The 2002 IEEE International Conference on
Data Mining (ICDM’02), Maebashi City, Japan, December 2002.

[9] Cynthia Dwork and Kobbi Nissim. Privacy-preserving Data mining on Vertically Par-
titioned Databases. In Proceedings of The 24rd Annual International Cryptology Con-
ference (CRYPTO 2004), Santa Barbara, CA, August 2004.

[10] Benjamin C. M. Fung, Ke Wang, and Philip S. Yu. Top-down specialization for in-
formation and privacy preservation. In The 21st International Conference on Data
Engineering (ICDE 2005), Tokyo, Japan, April 2005.

[11] B. Gilburd, A. Schuster, and R. Wolff. Privacy-Preserving Data Mining on Data Grids
in the Presence of Malicious Participants. In Proceedings of the 13th International Sym-
posium on High-Performance Distributed Computing, pages 225–234, Honolulu, Hawaii,
June 2004.

1



[12] Bobi Gilburd, Assaf Schuster, and Ran Wolff. k-TTP: a New Privacy Model for Large-
scale Distributed Environments. In 10th ACM SIGKDD International Conference on
Knowledge Discovery and Data Mining, pages 563–568, Seattle, WA, August 2004.

[13] C. Jones, J. Hall, and J. Jale. Secure Distributed Database Mining: Principles of
Design. In Hillol Kargupta and Phillip Chan, editors, Advances in Distributed Data
Mining, pages 273–291. MIT/AAAI Press, 2000.

[14] P. Kamat, W. Xu, W. Trappe, and Y. Zhang. Temporal Privacy in Wireless Sensor
Networks. In Proceedings of the 27th International Conference on Distributed Computing
Systems (ICDCS ’07), page 23, Toronto, Canada, 2007.

[15] M. Kantarcioglu and C. Clifton. Privacy-preserving Distributed Mining of Association
Rules on Horizontally Partitioned Data. In ACM SIGMOD Workshop on Research
Issues on DMKD’02, June 2002.

[16] M. Kantarcioglu and J. Vaidya. A New Architecture for Privacy Preserving Data Min-
ing. In Privacy, Security and Data Mining of the ACS Series Conferences in Research
and Practice in Information Technology, volume 14, 2002.

[17] M. Kantarcioglu and J. Vaidya. An Architecture for Privacy-preserving Mining of Client
Information. In Chris Clifton and Vladimir Estivill-Castro, editors, IEEE International
Conference on Data Mining Workshop on Privacy, Security, and Data Mining, vol-
ume 14, pages 37–42, Maebashi City, Japan, December 2002.

[18] Murat Kantarcioglu and Chris Clifton. Privacy-Preserving Distributed Mining of Asso-
ciation Rules on Horizontally Partitioned Data. IEEE Transactions on Knowledge and
Data Engineering, 16:1026–1037, September 2004.

[19] H. Kargupta, K. Das, and K. Liu. Multi-Party, Privacy-Preserving Distributed Data
Mining using a Game Theoretic Framework. In Proceedings of the 11th European Con-
ference on Principles and Practice of Knowledge Discovery in Databases(PKDD), pages
523–531, Warsaw, Poland, 2007.

[20] H. Kargupta, K. Liu, and J. Ryan. Random Projection and Privacy Preserving Corre-
lation Computation from Distributed Data. In HPDM: High Performance, Pervasive,
and Data Stream Mining 6th International Workshop on High Performance Data Min-
ing: Pervasive and Data Stream Mining (HPDM:PDS’03). In conjunction with Third
International SIAM Conference on Data Mining, San Francisco, CA, May 2003.

[21] X. Lin, C. Clifton, and M. Zhu. Privacy Preserving Clustering with Distributed EM
Mixture Modeling. Knowledge and Information Systems, to appear.

[22] Yehuda Lindell and Benny Pinkas. Privacy Preserving Data Mining. Journal of Cryp-
tology, 15(3):177–206, 2002. An extended abstract appeared at the CRYPTO 2000
conference.

[23] Kun Liu, Hillol Kargupta, and Jessica Ryan. Random Projection-Based Multiplicative
Data Perturbation for Privacy Preserving Distributed Data Mining. IEEE Transactions
on Knowledge and Data Engineering (TKDE), 18(1):92–106, January 2006.

2



[24] Da Meng, Krishnamoorthy Sivakumar, and Hillol Kargupta. Privacy Sensitive Bayesian
Network Parameter Learning. In Proceedings of The Fourth IEEE International Con-
ference on Data Mining (ICDM’04), Brighton, UK, November 2004.

[25] S. Merugu and J. Ghosh. Privacy-preserving Distributed Clustering using Generative
Models. In The Third IEEE International Conference on Data Mining (ICDM’03),
Melbourne, FL, November 2003.

[26] H. Polat and W. Du. Privacy-Preserving Collaborative Filtering using Randomized
Perturbation Techniques. In The Third IEEE International Conference on Data Mining
(ICDM’03), Melbourne, FL, November 2003.

[27] Ashish Sanil, Alan Karr, Xiaodong Lin, and Jerome Reiter. Privacy Preserving Re-
gression Modelling via Distributed Computation. In 10th ACM SIGKDD International
Conference on Knowledge Discovery and Data Mining, Seattle, WA, August 2004.

[28] Assaf Schuster, Ran Wolff, and Bobi Gilburd. Privacy-Preserving Association Rule Min-
ing in Large-Scale Distributed Systems . In 4th IEEE/ACM International Symposium
on Cluster Computing and the Grid (CCGrid04), Illinois , USA, April 2004.

[29] J. Vaidya and C. Clifton. Privacy Preserving Association Rule Mining in Vertically
Partitioned Data. In The Eighth ACM SIGKDD International Conference on Knowledge
Discovery and Data Mining, Edmonton, Canada, July 2002.

[30] J. Vaidya and C. Clifton. Leveraging the “Multi” in Secure Multi-Party Computa-
tion. In Workshop on Privacy in the Electronic Society held in association with the
10th ACM Conference on Computer and Communications Security, Washington, DC,
October 2003.

[31] J. Vaidya and C. Clifton. Privacy-Preserving K-Means Clustering over Vertically Par-
titioned Data. In The Ninth ACM SIGKDD International Conference on Knowledge
Discovery and Data Mining, Washington, DC, August 2003.

[32] Rebecca Wright and Zhiqiang Yang. Privacy-Preserving Bayesian Network Structure
Computation on Distributed Heterogeneous Data. In Proceedings of The Tenth ACM
SIGKDD Conference (KDD’04), Seattle, WA, August 2004.

[33] Sheng Zhong, Zhiqiang Yang, and Rebecca N. Wright. Privacy-enhancing k-
anonymization of customer data. In ACM SIGMOD/PODS 2005 Conference, Balti-
more, Maryland, June 2005.

3



Distributed Preprocessing Bibliography

References

[1] T. Achalakul and S. Taylor. A distributed spectral-screening PCT algorithm. Journal
of Parallel and Distributed Computing, 63(3):373–384, 2003.

[2] Bai Z. J. A Parallel Algorithm for Computing the Generalized Singular Value Decom-
position. Journal of Parallel and Distributed Computing, 20(3):280–288, 1994.

[3] H. Kargupta, W. Huang, S. Krishnamrthy, B. Park, and S. Wang. Collective PCA from
Distributed, Heterogeneous Data. In Proceedings of The Fourth European Conference on
Principles and Practice of Knowledge Discovery in Databases, pages 452–457. Springer
Verlag, September 2000.

[4] Panagis Magdalinos, Christos Doulkeridis, and Michalis Vazirgiannis. K-landmarks:
Distributed dimensionality reduction for clustering quality maintenance. In Proceedings
of PKDD, 2006.

[5] A. Paccanaro and G. Hinton. Learning Distributed Representations by Mapping Con-
cepts and Relations into a Linear Space. In The Seventeenth International Conference
on Machine Learning (ICML2000), Stanford University, CA, June 2000.

[6] R. Pairceir, S. McClean, and B. Scotney. Automated Discovery of Rules and Exceptions
from Distributed Databases Using Aggregates. In Proceedings of 3rd European Confer-
ence on Principles and Practice of Knowledge Discovery in Databases, Prague, Czech
Republic, September 1999.
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[10] V. Cho and B. Wüthrich. Toward Real Time Discovery from Distributed Information
Sources. In 12th Pacific-Asia Conference on Knowledge Discovery and Data Mining,
pages 376–377, Melbourne, Australia, April 1998.

[11] A. Choudhury, P. B. Nair, and A. J. Keane. A Data Parallel Approach for Large-
Scale Gaussian Process Modeling. In Proceedings of the Second SIAM International
Conference on Data Mining, Arlington, VA, April 2002.

1



[12] G. Cong, W. Fan, and A. Kementsietsidis. Distributed Query Evaluation with Perfor-
mance Guarantees. In Proceedings of the 2007 ACM SIGMOD International Conference
on Management of Data, pages 509–520, New York, NY, 2007.

[13] Graham Cormode, Minos Garofalakis, S. Muthukrishnan, and Rajeev Rastogi. Holistic
aggregates in a networked world: Distributed tracking of approximate quantiles. In
ACM SIGMOD/PODS 2005 Conference, Baltimore, Maryland, June 2005.

[14] Alin Deutsch, Yannis Katsis, and Yannis Papakonstantinou. Determining source contri-
bution in integration systems. In ACM SIGMOD/PODS 2005 Conference, Baltimore,
Maryland, June 2005.

[15] Christos Doulkeridis, Kjetil Nrvg, and Michalis Vazirgiannis. Scalable semantic overlay
generation for p2p-based digital libraries. In Proceedings of ECDL, 2006.

[16] Christos Doulkeridis, Kjetil Nrvg, and Michalis Vazirgiannis. Desent: decentralized and
distributed semantic overlay generation in p2p networks. IEEE Journal on Selected
Areas in Communications 25(1): 25-34 (2007), 2007.

[17] C. du Mouza, W. Litwin, and P. Rigaux. SD-Rtree: A Scalable Distributed Rtree. In
Proceedings of the IEEE International Conference on Data Engineering (ICDE ’07),
pages 296–305, Istanbul, Turkey, 2007.

[18] E. Durfee, V. R. Lesser, and D. D. Corkill. Cooperative Distributed Problem Solving. In
A. Barr, , P. R. Cohen, and E. I. Feigenbaum, editors, Handbook of Artificial Intelligence,
volume 4, 1989.

[19] H. Dutta, C. Giannella, K. Borne, and H. Kargupta. Distributed Top-k Outlier Detec-
tion from the Astronomy Catalogs using the DEMAC System. In Proceedings of the
2007 SIAM International Conference on Data Mining (SDM ’07), Philadelphia, PA,
2007.

[20] F. Barillari E. Nardelli and M. Pepe. Distributed Searching of Multi-dimensional Data:
A Performance Evaluation Study. Journal of Parallel and Distributed Computing,
49(1):111–134, 1998.

[21] Ying-Wu Fang, Xiu-Bing Zhao, Guang-Peng Zhang, Yi Wang, Yi Sun, and Yong-Fang
Zhang. Study on algorithms of parallel and distributed data mining calculating process.
In Proceedings of 2005 International Conference on Machine Learning and Cybernetics,
Guangzhou, August 2005.

[22] Nuno Fonseca, Fernando Silva, and Rui Camacho. Strategies to parallelize ILP systems.
In Proceedings of ILC 2005, Bonn, Germany, August 2005.

[23] Mohamed Medhat Gaber. A Framework for a Scalable Distributed Data Mining Model,
2002.

2



[24] Mohamed Medhat Gaber. A Model of Distributed Data Mining as a Knowledge Ac-
quisition Tool in Knowledge Management Systems. In 10th Scientific Conference on
Information Systems and Computer Technology: Knowledge Management in the Era of
Globalization, 2003.

[25] Vladimir Gorodetsky, Oleg Karsaeyv, and Vladimir Samoilov. Software tool for agent-
based distributed data mining. In International Conference on Integration of Knowledge
Intensive Multi-Agent Systems (KIMAS), Boston, MA, October 2003.

[26] D. Gu. Distributed em algorithm for gaussian mixtures in sensor networks. IEEE
Transactions on Neural Network, 19(7):1154–1166, July 2008.
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